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(Linear/Logistic Regression) S/ s Ogamw S
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(SVM: Support Vector Machine) gluiin 15 o ouislo
(ANN: Artificial Neural Network) ecguao smac 40
(HMM: Hidden Markov Model) WS, b0 a5 Jsw
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Video Pinball
Boxing
Breakout

Star Gunner
Robotank
Atlantis

Crazy Climber
Gopher
Demon Attack
Name This Game
Krull

Assault

Road Runner

Kangaroo
James Bond
Tennis

Pong

Space Invaders
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Kung-Fu Master
Freeway
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H.ER.O.
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Wizard of Wor
Chopper Command
Centipede
Bank Heist
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Zaxxon
Amidar

Alien

Venture
Seaquest
Double Dunk
Bowling

Ms. Pac-Man
Asteroids
Frostbite
Gravitar
Private Eye
Montezuma's Revenge

[Silver, David, et al. "A general reinforcement learning algorithm that masters chess, shogi, and Go through self-play.”, 2018]
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