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! Word Embedding

2 Language Model

3 Feature Learning or Representation Learning
4 Vector Space Model

® Polysemy

¢ Homonymy
7 Zero-Shot, One-Shot, Few-Shot

8 Objective
® Methodology
10 Motivation
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https://en.wikipedia.org/wiki/Word_embedding
https://en.wikipedia.org/wiki/Language_model
https://en.wikipedia.org/wiki/Feature_learning
https://en.wikipedia.org/wiki/Vector_space_model
https://en.wikipedia.org/wiki/Polysemy
https://en.wikipedia.org/wiki/Homonym
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https://scikit-learn.org/stable/modules/generated/sklearn.preprocessing.StandardScaler.html
https://en.wikipedia.org/wiki/Feature_scaling
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4 Radial Basis Function (RBF)

® Sigmoid

6 Set

” Singular Value Decomposition (SVD)
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